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Long-form Video-Language Understanding

O, How can | get to the storage room from the living room?
O, Where did | leave my AirPods after working out?

Lack of holistic methods for evaluating hour-long video understanding capabilities.



HourVideo at a Glance
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[HourVideo Design] Proposed Task Suite

We manually design question prototypes for each task/ sub-task.
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|Data Generation Pipeline] MCQ Generation
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[Data Generation Pipeline] MCQ Refinement using Human Feedback
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|[Data Generation Pipeline| Blind Filtering
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|[Data Generation Pipeline| Expert MCQ Refinement
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HourVideo Statistics

®

Cooking

Cleaning / laundry
Construction / renovation
Eating

Crafting/knitting
Carpenter

Talking with family members
Indoor Navigation (walking)
Watching tv

On a screen (phone/laptop)
Listening to music

Grocery shopping indoors
Playing with pets

Walking on street
Gardening

Baker

Doing yardwork

Car - commuting, road trip
Bike mechanic
Working at desk
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Let’s look at two examples
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Navigation/ Room-to-Room
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How do today’s multimodal models perform on the HourVideo Benchmark?
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- Blind LLMs (GPT-4)

() socratic LLMs/ LLaVA-NeXT-34B

Socratic LLMs/ GPT-4

() Gemini 1.5 Pro

GPT-4 (25.7%) and LLaVA-NeXT
(22.3%) achieve only marginal

iImprovements over a random
predictor (20%)

Gemini 1.5 Pro obtains an
accuracy of 37.3% which is still
lower than the average human
expert performance at 85.0%.
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Key Takeaways
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We introduce HourVideo, a benchmark dataset designed to rigorously evaluate the
capabilities of multimodal models to comprehend hour-long videos.
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Key Takeaways

Summarization
2 & Perception
o9, Visual Reasoring
Navigation
500 egocentric 77 everyday 18 total 12,976
videos scenarios tasks high quality
(381 hours) MCQs

We introduce HourVideo, a benchmark dataset designed to rigorously evaluate the
capabilities of multimodal models to comprehend hour-long videos.

We show that a significant gap exists between human experts and
SOTA multimodal foundation models in comprehending long-form videos.
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HourVideo: 1-Hour Video-Language Understanding

Paper/ Benchmark/ Code/ Demos

hourvideo.stanford.edu
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